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ABSTRACT

The automobile consumption credit business promotes the development of the automobile industry. 
However, the current credit system in China requires further refinement. Thus, the credit loan business 
is associated with certain risks, and company profits are often negatively impacted by clients who 
default on loans. Based on the data, this article leverages the economic and financial theories of 
consumer credit risk control to construct a logistic model to predict customers’ default probability. 
Then, a quadratic regression model is established to determine the optimal commission structure to 
balance profitability with incentives from retail stores. Results show that the macro-level variables 
are negatively associated with the probability of good behavior. The personal level variables exhibit 
a positive association. In addition, a negative coefficient in the quadratic profit equation indicates the 
presence of an inverted “U” relationship between profit and commission. Corresponding suggestions 
are put forward.
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INTRodUCTIoN

Automobile consumer credit is extremely popular in developed countries like those in Europe and 
North America. Specifically, credit plays a significant role in the development of passenger cars while 
also generating significant profits for financial institutions that offer such credit products. With the 
rapid development of China’s economy, automobiles have gradually become an important form of 
durable goods in everyday life. In recent years, consumer demand for automobile credit has increased, 
with many consumers preferring to purchase a new car on credit.
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However, the Chinese automobile consumer credit industry is still in its infancy, with an evolving 
management system and no personal credit system. As a result, both commercial banks and financial 
companies that issue car credit face sizeable default risk. Inadequate research of traditional automobile 
finance companies’ risk controls has created many loopholes in the control mechanisms of automobile loans.

Another risk for financing companies is the excessive cost of commissions paid to retail stores. 
It should be noted that inadequate commissions may lead salespeople to reduce their efforts. As 
such, determining the optimal commission has become a risk-reducing action for vehicle financing 
companies. Accordingly, academics and professionals seek to construct an effective evaluation system 
based on historical data and customer behavior to minimize default risks and develop a balanced 
commission strategy in China.

In terms of existing risks and problems associated with automobile consumer credit default, this 
study provides theoretical guidance and empirical evidence for automobile financing companies to 
guide them in designing a balanced commission structure and identifying customers who will pay 
back the loan on time. The research helps companies identify desirable customers, determine the 
optimal amount of commission to be paid, and maintain a sustainable business. The present study 
answers the following two research questions:

1.  What factors are associated with on-time repaying behavior?
2.  What constitutes a balanced commission structure between finance companies and retail stores?

By leveraging economic and financial theories of consumer credit risk control, the authors first 
established a logistic model to predict the probability of a “good” customer (i.e., an individual who 
will repay on time, payoff, or payoff early) based on both macro- and micro-level factors. Abnormal 
execution status is defined under two circumstances. First, the borrower does not repay the loan on 
time under the grace period specified by the terms. Second, civil proceedings have been brought 
to court. The macro-level factors include the sale price, loan amount, interest rate, and contract 
length. Meanwhile, the individual level variables include age, marital status, education, and home 
ownership. Additionally, the authors constructed a quadratic regression model to determine the optimal 
commission structure that balances profitability with incentivizing the retail store staff.

This study compiled 129,858 transactions carried out by a Chinese consumer automobile credit 
company. The results show that the macro-level variables are negatively associated with the probability of 
good behavior, whereas the personal level variables exhibit a positive association. A negative coefficient 
for the commission squared in the quadratic profit equation indicates that the relationship between the 
profit and commission forms an inverted “U” shape. This provides a theoretical foundation for the optimal 
commission amount for maximum profit. The result of the study enables 4S (sales, spare parts, service, and 
survey) stores in undeveloped, developing, or developed countries to address issues related to credit risk. 
Relevant issues include finding factors connected with credit risk and determining an optimal commission 
amount for maximum profit. Further contribution will be explored in the discussion and conclusion sections.

The article is organized as follows. Section two summarizes the related works. Section three 
elaborates on the research questions, outlines the data collection process, and proposes empirical 
models to explore the research question. The model estimations, analysis, and discussions are presented 
in section four. Two extended models to incorporate monthly data and keywords search frequency 
are investigated in section five. Finally, section six concludes with the results and limitations of the 
present study and future research directions.

LITeRATURe ReVIew

Risk control for automobile consumer credit companies has been generating a great amount of 
interest among scholars. For example, Stiglitz and Uy (1996) suggested that credit risk is widespread 
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in the automobile consumer credit business. Perfecting a personal credit system is a prerequisite for 
developing an automobile credit business. In their study of the automobile consumer credit market, 
Harris and Wilson (2010) concluded that the risk of automobile consumer credit is closely linked with 
information asymmetry. Meanwhile, Rejda and McNamara (2014) analyzed three kinds of risk in the 
automobile consumer credit market: (1) operational risk of financial institutions’ internal employees; 
(2) personal credit risk; and (3) market risk. They proposed that the risks are unavoidable, and the 
associated losses are uncertain; therefore, it is necessary to guard against risk by relying on relevant 
experience and data analytics.

Besides the research conducted on the importance and origin of risk control for automobile 
consumer credit, scholars also explored the relationship between automobile credit consumption and 
credit risk. Zhang (2008) summarized the experience of the rapid development of American automobile 
consumer credit, finding that leading consumer awareness, government support, diversified consumer 
credit institutions and services, and individual credit evaluation systems are important for promoting 
the development of automobile credit consumption. Xiong and Kuang (2015) took the Industrial 
Bank’s Guangzhou branch of the automobile consumption credit business as a case study to analyze 
the development of the automobile consumer credit market. They found that the marketing concepts 
and implementation of the various means of risk prevention and control are crucial to promoting the 
long-term development of automobile consumer credit. Jiang et al. (2021) studied how consumers who 
receive a bonus can have an impact on consumer demand for auto loans and the subsequent risk of 
loan delinquency. It was found that receiving a bonus raises auto loan demand by 21%; however, the 
corresponding risk of the borrower not fulfilling their credit responsibilities increases at the same time.

The current research focuses on the importance, general sources, and causes of auto consumer credit 
risk, as well as its relationship with auto consumer credit consumption. These aspects of credit risk are 
essential. However, the need to study root causes of auto credit risk is also crucial to credit risk mitigation. 
Thus, this article studies the root causes by analyzing the factors associated with default behavior.

Models required for further analysis have been proposed and compared. Saunders and Allen 
(2002) compared several credit risk quantifying methods and identified the respective advantages 
and disadvantages of each method. Zafra-Cabeza et al. (2011) put forward a stratification-based risk 
control measure model. Netjasov (2012) proposed an evaluation method specifically for conflict risk 
assessment. Models relating to factors association analysis with credit risk have also been proposed. Peng 
et al. (2017) applied the logit model and Bayesian model in their research to find factors’ correlation 
and estimated conditional probability. Henning and Jordaan (2016) researched the factors affecting the 
ability of farmers to repay loans from commercial credit providers. The independent variables in the 
study included account standing, age, client success factor, collateral, credit record, education level, 
and reputation. Moreover, Chamboko and Bravo (2016) applied models to assess the prognoses (from 
delinquency to normal performance) of retail customers’ loans. They discovered that behavioral variables 
were the most important when discerning the recovery of funds patterns of borrowers.

Risk prevention models to identify lending risks and lending decisions have also been proposed 
(Myers & Forgy, 1963; Sharpe, 1964). Among them, Altman (1968) put forward a multivariate Z 
scoring method analysis model in the 1970s, also known as the Zata model. The model is typically 
used to calculate the powers of the warning function of various financial ratios when predicting 
financial crises as weights and to calculate a comprehensive risk level “Z” using weighted averages for 
an enterprise. The Z values are compared with the critical value to determine a company’s risk level. 
Banks use this method to evaluate customer lending risks (Altman, 1968). Xiang (2002) discussed 
business operation risk by using the Zata model and demonstrated its effectiveness.

The logit model and Bayesian network model are effective in exploring the correlation relationship 
and probability estimation. Li and Li (2012) used a dynamic game model with incomplete information 
to analyze the gaming behaviors between banks and consumers in the Chinese automobile consumption 
credit market’s current stage of development and were able to determine areas needing improvement. 
Chi and Meng (2019) proposed a loan scoring model to identify different default situations for small 
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industrial enterprises. The model is based on the method of F-test and correlation analysis. Tzerjan et 
al. (2021) developed a hybrid model for credit scoring in complex systems, which they then used to 
detect suspicious customers who may not repay their loans on time. This allowed financial institutions 
to utilize the model to avoid customers who would likely default. Fernando and Siagian (2021) 
proposed conducting an analysis by integrating the five Cs model (character, capacity, conditions, 
capital, and collateral) and the analytic hierarchy process (AHP). The results of the analysis were 
used to provide guidance for credit decision making.

Current research has proposed many models, most of which are associated with risk prevention. 
Association analysis models of credit risk factors in other industries are discussed. Still, research is 
needed in the automobile consumption industry. Therefore, this article introduces empirical, risk, 
and logit models to analyze the credit risk factors.

Some scholars conducted detailed analysis on the relationship among certain independent 
variables and credit default behavior. In China, scholars (e.g., He, 2014; Jiang, 2016) have reviewed 
the current automobile consumer credit situation and identified the problems in aspects like legal 
implications, insurance, dealerships, and social credit scoring system. They accordingly proposed 
corresponding countermeasures. Wu et al. (2018) conducted empirical research on stress testing 
for automobile loans, finding that the automobile default probability may increase as the loan term 
increases. Related research was conducted in other countries. For example, Liu (2012) found a 
similar conclusion when they studied the effect of United States regulations on credit risk controls. 
Wadud et al. (2020) studied the impact of consumer sentiment on the delinquency of household 
credit, including home ownership, credit card, and automobile loans in the U.S. As overall consumer 
sentiment increases, the loan delinquency rate also increases. Regarding automobile loans, individuals 
who are more confident tend to decrease automobile loan delinquencies. An increase in expected 
individuals’ sentiments tends to increase loan default rates (Wadud et al., 2020). Cyree (2021) analyzed 
delinquency data from 2003 to 2017, finding that auto loan delinquencies are positively correlated 
with bank loan delinquencies. Frydman et al. (2021) focused on creditworthy borrowers as a group. 
They examined their determinants, mostly the macroeconomic variables. In the study, the mover 
stayer model was applied. The results indicate that annual growth domestic product (GDP) growth 
was the only macroeconomic variable to substantially affect the creditworthy borrowers’ probability. 
Research related to changes in collateral value affecting borrowers’ default outcomes has also been 
conducted, showing that a drop in collateral value will give rise to an increased default rate and vice 
versa (Ratnadiwakara, 2021).

Overall, specific macro- and micro-level independent variables were studied. Macro-level 
variables like regulations, GDP growth, and credit systems were found to correlate with credit default 
behavior. Micro-level variables like consumer sentiment, loan term, and home ownership are associated 
with the behavior. More variables and their impacts should be further studied.

Based on the data of this article, the authors were able to find additional variables and their 
correlation with lending risks. The relationship between commission and lending risk is also discussed.

A review of the existing literature has shown that understanding the factors that cause credit 
delinquency is of vital importance when assessing the credit default rate of customers. Moreover, 
the credit risk control ability of automobile credit is the core competence of banks and credit firms. 
Further studies are needed, however, to validate the relevant theories and identify the key factors 
related to lending risks. The existing research focuses on either credit risk control in different fields 
or analyzes the relationship between companies’ credit risk variables and firm profit. Even though 
some scholars conducted research on risk control in terms of automobile consumption credit, the 
corresponding empirical research has yet to be conducted. Therefore, this study focuses on identifying 
logical relationships between customer credit risk variables and firm profit through data mining 
techniques. In addition, the study focuses on the field of automobile consumption credit, suggesting 
corresponding strategies for companies to control risk and remain sustainable in the marketplace.
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MeTHod

The practical approach adopted when granting credit in the banking industry is known as the five 
C’s of good lending practices (Brody & Frank, 1998): (1) character; (2) capacity; (3) conditions; (4) 
capital; and (5) collateral. These represent the core of sound lending practices, which lenders deploy 
to evaluate a borrower along the dimensions of the borrower’s reputability, ability to repay the loan, 
adequacy of capital, and collateral backing up the loan (Golden & Walker, 2012). The five C’s model 
is frequently applied when researching credit firms and companies’ credit risk variables.

Character refers to the borrower’s sense of responsibility. The bank can use past repayment 
records to determine a borrower’s quality. Assessing the quality of a borrower’s character includes 
evaluating their honesty, stability, and integrity, as well as their personal and professional credentials 
(Brody & Frank, 1998).

Capacity refers to the borrower’s ability (capacity) to repay the loan. Lenders need to understand 
the current risk associated with the borrower and be able to anticipate future risk. Conditional 
evaluation requires an appraisal of the borrower’s business and economic conditions.

The borrower’s capital and collateral refer to their cash, cash flow, assets of value, and the net 
worth of the borrower when applying for a loan. Adequate capital is needed to provide a buffer in 
case of a future loss of income. In case of default by the borrower, the bank will have tangible assets 
that can be sold to cover losses.

When a borrower completes an application for a loan, either a bank loan officer or loan committee 
reviews the loan application and will evaluate it by referring to the five C’s. After analyzing the 
necessary information, a decision is made to either grant or deny the loan.

Tezerjan et al. (2021) also applied the five C’s concept to classify customers’ attributes and score 
customers. Specifically, character contains credit history, deferred claims, experience, specialty, 
education, and fame. Capacity includes debt and income. Capital includes an average balance of the 
account, sales, profit, fixed assets, and current assets. Collateral includes immovable property, long-
term deposits, bonds, checks, receipt documents, and stocks. Conditions include supply-to-demand 
ratios and type of activity section.

Based on this description and gathered data, it can be concluded that age and marital status belong 
to character, loan amount and interest rate are included in capacity, education belongs to capital, real 
estate holdings belong to collateral, and local GDP per capita is included in condition.

Figure 1. Five C’s of credit
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data Collection and Correlation Analysis
The data in this article is derived from car loan company A. A total of 129,858 data points were 
collected from the company’s sales database relating to all family car loans sold across the country. 
Data acquisition comes from first-hand data of a Chinese company. The data was collected from 
salespeople working in the company. When salespeople in 4S stores sign contracts with customers, 
all information related was filled out on the form. The customers’ information was input into the 
computer system. Table 1 shows the definitions and descriptions of the research variables and their 
descriptive statistics, respectively.

The authors used SPSS tools to standardize the collected data and perform a correlation analysis. 
Table 2 shows that the company’s profit is related to the type of car purchased by the customer, number 
of loans, commissions, and customer attributes.

empirical Models
There are two issues that require clarification in the study of auto credit projects. What factors 
affect the loan risk? How is the risk controlled? There is pervasive information asymmetry in this 
market. Thus, the loan company does not have access to accurate credit information pertaining to the 
customers and has poor visibility of potential fraudulent behavior. This leads to loan recovery risks. 
Therefore, constructing related models to find causal relationships is key to reducing risks through 
institutional design. Moreover, it is important to discern the factors related to company profits and 
maximize profits while controlling risks.

Based on the company’s historical data, the following two models were constructed to explore 
the research questions. Regarding risk control, there are normal and abnormal contracts. Normal 
contracts refer to the correct implementation, regular loan repayments, and early loan repayments 
(see logistic regression model [1]). The key factors affecting the company’s income are discussed 
using the linear regression model (2). The independent variables of the two models are the same. 
The specific models are presented as follows:

logit
p

p
x

k k k1 0−
= +∑² ²  (1)

Table 1. Description of variables

Variables Description of Variables

Profit Net profit the company earns after the sale of one vehicle

Contract Condition Contract either normally or incapably fulfilled

Contract Terms Months or years to fulfill the contract

Automobile Price Amount of money to buy a car

Loan Amount of money required to apply for an automobile loan

Interest Rate Interest the customer pays on the loan

Total Interest Total of both bank and company’s interest

Commission Money requested by distributor who sold the vehicle

Age Customer’s age

Education Degree of literacy

Real Estate Holdings Assessment evaluating the condition of the house owned by customer

Source: Actual Operation Data from Company A
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where p is the probability of the normal implementation of the contract, y is the income of each loan 
contract of the company, and x1 to x8 represent the variables in Table 2.

FINdINGS

Risk Model
The authors first performed logit regression on the normal execution status and abnormal status of the 
past contracts (see Table 3). Coefficients of Beta and Sig show the correlation and significance for 
the variables. The normal execution probability of the company’s auto loan contract is significantly 
positively correlated with car price, education, and age. It is significantly negatively correlated with 
loan amount, commission, and contract terms.

Table 2. Correlation analysis

y x1 x2 x3 x4 x5 x6 x7 x8

Net Profit (y) 1

Automobile Price (x1) .557** 1

Loan Amount (x2) .771** .842** 1

Interest Rate (x3) .568** .069** .287** 1

Commission (x4) .373** -.017** .066** .470** 1

Age (x5) .109** .176** .166** -.010** .004 1

Education (x6) -.030** .072** .025** -.139** -.092** -.117** 1

Real Estate Holdings (x7) .041** .075** .055** -.099** .013** .228** .155** 1

Contract Terms (x8) .722** .142** .419** .656** .246** -.001 -.047** .003 1

Note. Results in Table 2 show that the correlation coefficients of auto price, loan amount, interest rate, dealer commission, age, real estate holdings, 
and contract terms are 0.557, 0.771, 0.568, 0.373, 0.109, 0.776, 0.041, and 0.722, respectively, indicating positive correlation at the level of 0.01. Among 
them, auto price, loan amount, interest rate, and contract terms are closely correlated with corporate profit. In addition, the correlation coefficient between 
education and profit is -0.03, indicating a negative correlation.

**Represents a significance at the level of 0.01.

Table 3. Risk model estimation

β S.E. Sig. Exp (β)

Automobile Price .569 .103 .000 1.767

Loan Amount -.903 .105 .000 .405

Interest Rate -.140 .072 .054 .870

Commission -.223 .024 .000 .800

Age .129 .044 .003 1.138

Education Assessment .097 .041 .019 1.102

Real Estate Holdings .053 .042 .202 1.055

Contract Terms -.197 .049 .000 .821

Constant 5.594 .050 .000 268.777
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The biggest risk associated with an auto loan is that the customer will not repay it (i.e., the 
contract is not executed as intended). This outcome may cause the loan company to suffer huge losses. 
General customers can be divided into two categories. The first type of customer is ill-informed about 
the maintenance cost of the car after purchase. After borrowing funds to purchase a car, they realize 
that they cannot afford it. Another type of customer consciously commits fraud. Table 3 shows that 
the salient factor that increases the probability of default is the loan amount, followed by the loan 
company’s commission. It is understandable that a larger loan amount increases the risk of default. 
If the loan company’s commission is set too high, the incentives for the sales force will increase sales 
as they try to meet the demands of customers without seriously identifying risks. These result in a 
decrease in the probability of execution of the final credit contract.

The higher the price of the car, the greater the probability that the contract will be executed. 
This is because customers are less likely to skip the large down payments on expensive cars. This 
also depends on the number of loans from the customer. In addition, the customer’s education and 
age increase the likelihood of executing the contract for the purchase of the car (i.e., older, more 
educated consumers are likely to execute the terms of the loan). Meanwhile, whether the customer 
has real estate holdings is not significantly correlated with the execution of the car purchase contract.

Profit Model
The main way to improve the company’s performance is to encourage more customers to take out 
loans to purchase cars. Under the premise of controlling risks, the factors that impact a company’s 
profits and their related weights need to be identified. Table 4 details the linear regression parameter 
estimation of model (2).

The results in Table 4 demonstrate that the explanatory power of the independent variables in 
relation to the dependent variable is 90%. VIF < 10 indicates no multivariate collinearity between 
the independent variables. The correlation between profit and the amount of customer interest is 
the highest, followed by the loan amount, and the contract length. While individual attributes are 
significantly correlated with the company’s profit, the coefficients are small.

The commission paid by the loan company to the dealer has a significant correlation, indicating 
that the more the commission paid by the loan company, the higher the enthusiasm of the car 
salespeople to promote sales. Higher commission payments, however, may also reduce the execution 

Table 4. Model (2) estimation

Variables Coefficient VIF

Constant .000

Automobile Price .038*** 4.273

Loan Amount .274*** 6.071

Interest Rate .574*** 4.948

Commission .107*** 1.117

Age .006*** 1.057

Education .002* 1.080

Real Estate Holdings .013*** 2.920

Contract Terms .132*** 4.273

R2 0.900

F 146484.965***

Note. ***, **, * represent significance at the level of 0.01, 0.05, and 0.1, respectively.
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probability of the contract in our risk model. Therefore, the issue of how to balance a reasonable 
commission with maximizing the company’s profits needs to be further explored.

dISCUSSIoN

Profit vs. Commission
To clarify the inherent relationship between profit and commission, the amount of commission 
paid by the loan company and the company’s profit were compared using both a linear model and 
quadratic model. Table 5 shows that commission is significantly correlated with the profits in all 
models. However, their degrees of goodness-of-fit are different. The R2 of the quadratic model is 
23.6% as compared with 13.9% of the linear model. This is an increase of almost 10%. Accordingly, 
the quadratic model is used to explain the relationship between commission and profit.

The relationship between company profit and commission takes the form of a quadratic 
relationship. The coefficient of the squared term is negative, indicating that the relationship is an 
inverted “U” curve. This shows that the company’s profit initially increases with commission. It 
then plateaus and starts to decline. This is consistent with the finding in Table 3. The probability of 
execution of loan contracts reduces as commission increases. Hence, from the perspective of total 
profit, it is important to strike a balance between the commission structure and risk control.

Loan Strategy
Although car purchase by credit is both attractive to customers and a potential source of profit for 
the loan company, the existence of the risk of customer default makes it important for the company 
to identify whether the customer can repay the loan. The risk model put forward in the present study 
shows that issuing loans to highly educated and older aged customers can significantly increase the 
probability of normal contract execution, indicating that such customers have a lower risk of default. 
The company should implement differentiated interest rates for this group of people and encourage 
them to take out loans to purchase cars. For customers in this category who are not willing to increase 
the down payment for high-priced cars, the company needs to offer them special considerations and 
identify the customers’ default probability through increased communication.

Auto loan companies must rely on 4S stores to expand their business. To entice customers to 
purchase cars, 4S stores may implement three incentives: (1) maintenance fee after sales; (2) sales 
profit; and (3) commission from the loan company. Normally, 4S shops are only interested in selling 
cars, such that it is of no concern to them if the loan can be recovered. To overcome this asymmetry in 
responsibility, it is important to transfer part of the customer’s default risk to the 4S shops and link it 
with the contract commission for each loan agreement. This can reduce the potential for default. The 
current loan commission payment mechanism is that each loan contract commission is divided into 
several levels by the loan company and immediately paid to the 4S shops. A new rule to consider is 
to only settle the commission with the 4S shops after six consecutive months of the normal contract 
execution. Adopting this approach shares the loan risks with the 4S shops, which will encourage the 
employees to be more careful when promoting loan products to customers. In addition, definition 
of the abnormal execution status of contracts can be incorporated into companies’ systems. Once 

Table 5. Linear vs. quadratic model

Equation Model Summary Parameter Estimation

R2 Adjusted R2 F df1 df2 Sig. Constant Profit Profit2

Linear .139 .139 20932.026 1 129856 .000 .000 .373

Quadratic .236 .236 20059.685 2 129855 .000 .112 .877 -.112
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abnormal status signal is triggered, companies should begin to analyze factors causing the abnormal 
status and collect related information for future risk control.

The profit of a loan company is derived from the number of loans it makes and the interest rates it 
charges and collects. Due to the disclosure of bank interest rate and loan interest rate information, loan 
transactions with exceedingly high interest rates are unlikely to occur. Therefore, one way to increase 
the company’s profit is to expand the market and control risks, and rationally customize commission 
expenses where appropriate. The inverted U-shaped curve relationship between commissions and 
profits indicates that a company that pays excessive commissions does not obtain corresponding profit 
returns. The current commission structure means that the amount is the same within the range of loan 
sales and increases linearly as the range moves up. This creates the false sense that more loans lead 
to a greater commission. This, in turn, increases the risk of credit abuses and defaults. Therefore, it 
is important to take the inverted U-shaped relationship into consideration when designing an optimal 
commission payout structure.

CoNCLUSIoN

This article studies the data of a passenger car credit business. It is found that the probability of car 
loan contract execution is positively correlated with the customer’s education level and age. It is 
negatively correlated with the commission paid by the loan company to the 4S store and the number 
of loans provided by the lender. Meanwhile, the profit obtained from the loan is positively correlated 
with the variables described. The need for front line employees to carefully consider balancing 
profits and risks has been outlined. At the same time, loan companies need more refined incentive 
commission structures to achieve a win-win situation with the retail car store. Based on the result, 
4S companies can categorize customers into different risk groups and create corresponding credit 
contracts to mitigate credit risk.

Due to the lack of access to customers’ personal attribution data, the authors cannot make more 
reasonable and effective judgments in identifying customer individuality. The main reason is that 
4S stores do not care to collect complete customer information as to who they are and what their 
characteristics are. Their goal is to make sales and receive the related commission. Moreover, other 
variables (i.e., jobs, number of children, and working industries) can be further analyzed if these 
data can be collected by other researchers. Future studies should look at how to construct a new 
commission mechanism to encourage employees to interact more with customers and identify those 
customers who are a better credit risk.
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